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Some species can’t keep up with climate change

Can assisted migration help these species?
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Placing a species in a completely novel
environment could cause an invasion
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Translocated populations
often fail to establish
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Coexistence between relocated
species and recipient ecosystem
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How do we get coexistence
with high uncertainty?
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How to approach assisted migration considering
uncertainty and community interactions?

Short dispersal

Narrow climate tolerance
Low population size
Species interactions

‘1. Which species? ‘

2. How much of the population do we move?

3. How many times?

4. \What makes a successful relocation?
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Over time, metacommunity cycles through
these processes as climate changes
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1. Which species do we move??
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2. How much of the population do we move?

Intermediate fraction has highest survival
100% usually has lower survival

Survival probability

0.91

Z

Low stochasticity

- — = . - -

arrowest tolerandi

hort dispersal

0.00

025 050 075

0.91

0.8

0.7

0.6

“I

r

High stochasticity

._‘ ..-l"."." ey H‘-.._' “‘
i“ l.ﬂl”lﬁ'.ﬂ HI“ |||||||| *ﬁ‘l '

0.00

025 050 075  1.00

Proportion of population relocated each time




|3. How many times?

Low populations were moved most times

Less movement in high stochasticity
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5. What sets a successful relocation apart from a
failed relocation?
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|Conclusions
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Partial dependence

Partial dependence
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